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This is a reply to the unsatisfactory response of Sertel,
Cigizoglu, and Sanli (2011) regarding the authors’ formerly
published article that focused on the estimation (prediction) of
daily mean sea level heights observed at a tide gauge station
(Sertel, Cigizoglu, and Sanli, 2008).

The authors have written almost everything other than any
scientific response to the criticism in Akyilmaz (2010). The
authors indicate that their study is “new and has merit in
that daily mean sea level is characterized comparatively with
methods of artificial neural networks (ANN), multiple linear
regression (MLR), and least squares estimation.” First, that
statement is untrue. El-Rabbany and El-Diasty (2003) used
neural networks and the classical least-squares estimation
method to predict the sequential tidal heights observed at tide
gauge stations. Moreover, Lin and Chang (2008) successfully
applied both neural networks and fuzzy inference systems to
predict tidal heights at various tide gauge stations. Further-
more, the Lin and Chang (2008) prediction range is not
restricted to the one-day-in-the-future predictions used in
Sertel, Cigizoglu, and Sanli (2008). From this aspect, the work
by Sertel, Cigizoglu, and Sanli (2008) is not new and cannot
stimulate new research in sea-level studies.

Sea-level height is highly dependent on the tide-generating
forces and the sea-surface temperature. Unlike the process
used in Sertel, Cigizoglu, and Sanli (2008), using the tide-
generating potential, which can be computed based on the
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ephemerides of (primarily) the Sun, the Moon, and the sea-
surface temperature data which are comparatively smooth
over time—would yield a better model for the prediction of the
sea-level height at any location, at any time, regardless of the
prediction range.

Even if daily mean sea level could be predicted from previous
records, the generation of a daily data series by simply averaging
the hourly records within each day, as done by Sertel, Cigizoglu,
and Sanli (2008), would not be the correct way to do so. The
classical method of averaging data for 24 hours to remove the
tidal signal does not provide accurate residual currents in tidally
influenced areas because the 24-hour average cuts off all
frequencies that are multiples of one cycle per day. Therefore,
it lets through a fair percentage of other tidal constituents.
Several kinds of low-, high-, and band-pass filters may be used to
distinguish between tidal and nontidal signals in the data. One of
them is the Doodson X0 filter, which is a symmetric convolution
low-pass filter that does not lead to distortion because of time lag
and is commonly used in oceanography (Doodson, 1928). This
technique is capable of quantifying the magnitude of nontidal
currents associated with freshwater and wind-driven currents in
tidally influenced areas. Such filters improve the accuracy of the
predictions by about 20% in the root mean square (0.059 cm vs.
the 0.071 ecm reported in Sertel, Cigizoglu, and Sanli, 2008).
Moreover, there is no speculation (the authors used the word
speculation several times in their response) because, using the
same data, we have done the computations, thus the scientific
evidence is available. This reply is based on the results of that
computation carried out by the discusser.

The authors also state that one of the authors (Cigizoglu)
“has specialized in hydrological variable prediction.” Looking
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at the Cigizoglu publications (Cigizoglu, 2005; Cigizoglu and
Kisi, 2006; Kisi and Cigizoglu, 2007; Partal and Cigizoglu,
2008; Yagci et al., 2005)—almost all of which have the same
topic with small modifications in the methods used, mostly
ANN—one can see that Cigizoglu is an expert in rainfall and
sediment predictions. It is well known, however, that sea level
is something else, and there is no relationship between sea level
predictions and predictions about rainfall and sediment.

Some of authors’ explanations are in conflict with their
original paper;e.g., they say that their main motivation was not
to predict or estimate daily mean sea level, but the title of their
article clearly denies that because that phrase exists in both
the title and the text of the article. It seems that the only
motivation for the study was to increase the authors’ number of
publications with no concern for their scientific quality.

The authors discuss storm surges and the use of their
methodology to remove outliers caused by storm surges
throughout the daily mean sea level records. This is, indeed,
a completely different concept; predicting storm surges
requires further hydrological and meteorological data, such
as wind speed and coastline configuration. Therefore, such an
explanation in their reply is irrelevant.

It is very unfair that the authors have complained about one
expression in the discussion by Akyilmaz (2010), namely, “We
have used the same data.” The use of the subject “I” in a
scientific text is not proper. Obviously, the authors are not
aware of this fact. On the other hand, after publishing such an
article (Sertel, Cigizoglu, and Sanli, 2008), the authors are not
in a position to give lessons in ethics.

The authors’ statements on early warning systems are also
out of context. Early warning systems forecast extreme situa-
tions from geophysical phenomena. However, the types of
ANNSs used in Sertel, Cigizoglu, and Sanli (2008) are super-
vised networks, that is, the network parameters (the synaptic
weights) are estimated through a training procedure based on
input—output pairs, which are called training data. Thus, the
network learns the relationships between inputs and outputs
from the training data used. Consequently, the ANN output is
always in the range of the data used in training, and extreme
situations cannot be predicted. Further geophysical data are
required for that issue. This also shows that the authors do not
have a sound knowledge of the methods.

One other issue is that, in the past several years, the use of
soft computing techniques has become a common way to
increase the number of one’s publications. Unfortunately,
people add some input into a software package (usually

MATLAB because it is easy to use—the authors might have
done all their computations in a single day with MATLAB
software), and as is the nature of the method, the computer
produces a result as an output, even if it is trivial. The authors
using these techniques do not care or understand the
fundamentals of the techniques they use or the underlying
physics of the phenomena, and produce publications, such as
the article by Sertel, Cigizoglu, and Sanli (2008), which are
often called “garbage in—garbage out” models.

Finally, it is convenient to emphasize that the main targets of
this reply are the readers and the possible reviewers, rather
than the authors of Sertel, Cigizoglu, and Sanli (2008). Sound
reviews of manuscripts are important to avoid publication of
low-quality research articles in prestigious scientific journals.
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